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Building Effective 
Agents in 1Q26
From Prompts to Agents

Prepared for Consultare



Why Listen to Me?

Custom CRM
Built TheraTrack from scratch using AI

SaaS Clone
Replicated multi-million dollar application

Patent Filed
Patent-pending product developed

100+ Page Website
No designer, no developer, no agency

Built in the last 7 months. Not an AI researcher - a practitioner. Everything here comes from doing as a sole employee.



Two ways to use AI. Most people only use one.

Oracle Mode
You ask. AI answers from 
general knowledge.

Tool Mode
You provide context. AI works 
within YOUR reality.

Same AI. Dramatically different results.



Oracle Mode vs. Tool Mode — When to Use Each
Oracle Mode Tool Mode

Exploring a new topic Working in YOUR systems

Brainstorming ideas Producing deliverables

Quick research Anything client-facing

Low stakes High stakes

No context to provide You HAVE examples, docs, data



Same Problem. Two 
Approaches.

SCENARIO

Client says the invoice doesn't match the proposal

1

Oracle Mode
"How do I fix invoice discrepancies?"

Result: Generic list. Reconcile line items, check for scope 
changes, review payment terms.

2

Tool Mode
"Here's the proposal, the SOW, and the invoice (paste). 
What doesn't match?

Result: The proposal quoted 60 hours for Phase 2 but was 
billed 84. The extra hours came from two change requests 
that were apporved but not added to SOW.



Make Oracle Mode Better

Persona
Think like a senior SAP B1 
consultant...

Scoping
Only consider X context / exclude 
Y.

Best Practice Discovery
What would an elite firm do?

Force AI to reason from a specific vantage point instead of averaging everything it knows.



Tool Mode / Context Engineering 

1

Context Loading
Here's our schema + a working query. Now write this 
one.

2

Few-Shot Examples
Here are 3 scope docs we wrote. Write one like these.

3

Reference + Task
Here's last month's report + this month's data. Go.

4

Constraints
Only use these tables. If unsure, ask.

Use ChatGPT/Claude projects or CLI Terminal with folder system on your computer.



Projects Are Powerful



Three Techniques That Upgrade Everything

Chain of Thought
Think through this step by step 

before answering.

Meta-Prompting
What context would you need to 

give me the best output?

Iterative Refinement
Prompt 1: Outline → Prompt 2: 
Expand → Prompt 3: Critique

Use these strategies to improve "runtime" prompting.  These will help you craft better prompts.



Now The Good Stuff - 
What We're Covering Today

1

How to make AI output trustworthy

2

How to build agents that work

3

How to get better every week

One principle runs through all three: give AI what 
good looks like.



BIG IDEA 1

How to Trust AI Output

The #1 reason people underuse AI 
is trust.
The fix isn't 'double-check everything.' The fix is a system.



Getting A Trustable Output

1
Specific 
Context

2
Clear 
Constraints

3
Defined Output 
Format

4
Cross-Check 

WEAK

"Write me a project update."

STRONG

"Here's last week's update, this 
week's Jira tickets, and the 
client's priorities. Write this 
week's update in the same 
format. Only reference work 
that's in the tickets."



Smaller Steps = Higher Trust

One Big Prompt

Process this invoice and update the billing 
tracker.

WHERE DID IT GO WRONG? NO IDEA.

Decomposed into Steps
Extract — PO number, line items, amounts, tax, total from 
this invoice.

Compare — Do the line items match the original 
proposal? Flag mismatches.

Format — Add to the billing tracker using this template 
row.

Each step is easy to check. Fix errors before they compound.



13 Ways to Show AI What Good Looks Like
Method What you give it

Golden examples "Here's one we're proud of. Match this."

Working code "Here's a query that works. Write the next one like it."

Templates "Use this format — these sections, this order, this length."

Previous versions "Here's last month's report. Do this month's."

Manual run + corrections Do it in conversation. Every correction teaches it.

Output schema "Return: field 1, field 2, field 3. Nothing else."

Checklists "Every output must include X, Y, and Z."

Rubrics "Score on these 4 dimensions, 1-3 scale."

Style guides Paste your brand voice doc, naming conventions, writing 
rules.

SOPs and process docs Paste the internal wiki — how YOUR company does it.

Annotated bad examples "Here's a bad one. Here's exactly what's wrong with it."

Constraints "Only use these tables. Never assume. Ask if unsure."

Meta-prompt What would you need from me to do this well?"



When 'Good' is Hard to Define

Easy

SQL queries, reports, templates (you have 
examples). Show the AI.

Hard

Website design, strategy docs, unfamiliar bugs. 

No clear 'right answer.'

A rubric translates subjective quality into measurable dimensions.

Good website
accessibility, load time, visual 
hierarchy, mobile, brand

Good strategy doc
specificity, feasibility, risk coverage, 
goal alignment

Good debug analysis
root cause, evidence, proposed fix, 
side effects



How to Build a Rubric
01

Ask
What does "good" look like for THIS 
task?

02

Can you point to examples?
→ Use Tool mode

03

Can't?
→ Break quality into 3-5 measurable 
dimensions

04

Define levels
Define poor / acceptable / excellent for each

05

Use the rubric
To evaluate AND to instruct the AI



Ask AI to Build the Rubric 
FOR YOU

This alone puts you ahead of 95% of AI users.

Example Prompt
I'd like to discuss how i should improve the slide content before building 
the PPT. What would you suggest for a rubrick on how to judge the 
quality of the presentation? How would a professional TEDx Presenter 
judge their presentation?







Two Tools. Zero Blind Spots.

Generate
with Tool A. Different training data.

Validate
with Tool B. Different blind spots.

Double-check regularly
Don't trust the first output. Spot-check facts, numbers, 
and logic every time — especially early on. Trust is 
earned through repetition, not assumption.

Use other LLMs for different perspectives
Each model sees the problem differently. A second 
model isn't a spellchecker — it has different blind spots. 
Where they agree, confidence goes up. Where they 
diverge, you know exactly where to look.



Ping-Pong: 2-LLMs, 1-Answer
LLM A (Claude) generates
First draft of the work using context engineering tools.

LLM B (ChatGPT) critiques
Is this accurate? What needs to change?

LLM A (Claude) responds
Here's what ChatGPT said.  Don't be a syncophant. It doesn't have all of 
your context so it may not be right. Explain where & why it's wrong.

LLM B (ChatGPT) validates
Here is Claude's rebuttal.  What is right? What is wrong.?

Each round sharpens the output. Stop when they converge.



Three Validation Techniques

Cross-Check
Generate in A, score in B with your 
rubric.

Use for: code, queries, data

Adversarial Review
Generate in A, attack in B: 'Find 
everything wrong.'

Use for: debugging, risk

Parallel + Diff
Same prompt to both, compare 
where they diverge.

Use for: docs, planning



In Practice: Scope Document Validation

Generate
ChatGPT writes the scope doc from requirements

Score or Validate
Check against rubric: Requirements clear? Boundaries 
defined? Effort broken down? Risks covered?

Cross-check
Paste into Copilot: "What's missing? What's ambiguous? 
What would a client push back on?"

Result
Copilot flags no out-of-scope section and the effort 
estimate has no assumptions listed



Copy These. Use Them Tomorrow.

Rubric Check
Score this against this rubric: 
[rubric]. Be specific about what's 
missing.

Second Opinion
I asked another AI to do this. Here's 
what it produced. What would you 
do differently?

Stress Test
Poke holes in this. What 
assumptions is it making? What 
edge cases does it miss?









BIG IDEA 2

How to Build Agents That Work

An agent is just a workflow that an AI runs… for 
you.
It's just a set of instructions, nothing else.  No mystery.



What An AI Agent Is

Software that uses an LLM to make decisions and take actions, not just answer questions.

Reads context
Ingests documents, data, logs, 
messages

Makes judgments
Classifies, prioritizes, extracts, 
summarizes

Takes action
Writes output, routes work, triggers 
next steps



Simple Agent Loop



Simple Examples

Without Agent
You: "Research this prospect for me"

AI: Gives you info

With Agent
You: "Research 50 prospects, score them, prioritize, 
generate call briefs"

Agent: Does all of it, delivers a report

More Examples

"Analyze 6 months of customer complaints and surface the top 3 issues"

"Monitor competitors' pricing pages and alert me to changes"



Agent Examples

Agents turn messy, human-generated information into something you can act on.

Error Log → Diagnosis
Messy error log → Classified diagnosis + root cause + 
suggested fix

Transcript → Scope Doc
Rambling transcript → Structured scope document

Support Ticket → Triage
Ambiguous support ticket → Category, priority, assignee

Invoices → Line Items
Pile of invoices → Extracted line items, totals, GL codes



What An Agent Isn't 

Unstructured Transform Structured

If you need the same output every time, that's code — not an agent.



Before You Automate, Solve It Once
Load real context
Paste the actual messy inputs

Work through the prompts
What questions, what order?

Check the output
Correct? Complete? Edge cases?

Iterate
Every correction becomes a lesson

You are the Orchestrator and Judge during the manual process.  When you're done, you have: the context, the prompts, 
the corrections to show AI what 'good' looks like. That's the blueprint for the Orchestrator and Judges.



The Judge

Did it follow instructions?
Did it skip steps or take shortcuts?

Is the output right?
Does it match the rubric or 
expected format?

Did it drift?
Is it still solving the original 
problem?

Is it safe?
Does the output cause security 
holes?

The Orchestrator tells the Agents what to do. The 
Judge keeps the agent honest.



Three Roles: Orchestrator, Agents, & Judges
Input — "A prompt, document, data, or 

trigger"

Orchestrator  "Routes the work. Decides 
what happens next."

Agent — "Does the work. One task, 
focused."

Judge — "Checks the output. Pass, retry, 
or escalate."

Output — "The finished result"

Loop — "Orchestrator gives output to next 
agent in the chain."





Now Let AI Design the 
Workflow

Post-Mortem
What was the goal? Where did you struggle? What corrections did I 
make?

Agent Proposal
How would you turn this into a repeatable workflow?

Quality Control
Where could this produce bad output? Where do we need 
guardrails?





Agent Failure Is Usually From:

1
Contradictions
Instructions conflict with each other

2
Ambiguity
"Summarize the ticket" means something different every run

3
Inference instead of code
Letting AI guess what should be calculated

4
Jumping the harness
Agent skips steps or takes shortcuts

5
No checkpoints
8 steps in a row, bad data at step 3 ruins everything

Tip:  Ask AI to review your workflow for these specific common failure points.



Let Agents Auto Run After Refining

Webhook
System sends a signal (e.g., new Jira ticket created)

Schedule
Timer fires (e.g., every Friday at 4 PM)

Polling
Agent checks periodically (e.g., every 15 min, check for 
new invoices)

Message
Someone emails/messages a bot (e.g., invoice to 
invoices@company.com)

A session agent only needs to be right when you're watching. A long-running agent needs to 
be right at 3 AM on a Tuesday.



Build An Agent in 5 Steps

1
Define the goal
What specific problem are we trying to solve?  (Oracle mode for exploration)

2
Define the context
What data, tools, or APIs needed for an agent?  (Tool mode for execution)

3
Manually go through the process
Do the entire process with your LLM. Step by step until you get a good result.

4
Post Mortem (Refine Process)
Ask: Now that we are here, how could we get here faster and more efficiently?

5
Build The Agent
Develop this workflow as an Agentic Loop with a final post mortem step to evaluate what can be done better.

Hand hold first few iterations until you're confident in outcome.  I recommend Claude Web with Opus 4.6 for designing 
agents.



BIG IDEA 3

Get Better Over Time

Solve Memory. Conquer The World.
Converting AI from stateless into an autonomous agent



6 Parts of Long-Running Agents

Trigger
What wakes it up?

Context
What does it need to know?

Processing
What does the AI do?

Action
What does it do in the real world?

State
What does it remember?

Errors / Post Mortem
What happens when it's wrong?



How Agents Learn

State Logging
What inputs it received

What it did

What it produced

What was accepted or corrected

Automatic Post-Mortem
What went wrong?

What could be better?

How do I update my instructions?

The corrections become the training. The agent gets better without you rebuilding it.



Memory Is Everything — OpenClaw and 2026
Bigger models. Faster inference. Better context. Deeper context windows.

1
Semantic Search
Finds relevant context even when wording differs

2
Auto Flush
Saves important facts before context fills up

3
Session Memory
Current task context, daily notes

4
Durable Memory
Facts, preferences, domain knowledge (Markdown files 
you own)



5 Levels of Agency

1
Level 1: Manual
Chat session, start to finish

2
Level 2: Reusable
Saved prompts or Custom GPT

3
Level 3: Triggered
Runs when an event happens

4
Level 4: Scheduled
Runs on a clock

5
Level 5: Adaptive
Learns from corrections



Three Ideas. One Principle.

Trustable AI output
Build rubrics. Cross-check. Never 
eyeball it.

Build agents through 
iteration
Unstructured → structured. Manual 
first. Let AI design the agent.

Get better over time
Post-mortem loop. Memory is 
everything.

Give AI what good looks like — context over questions, always.



Your Challenge This Week
1 Pick ONE repetitive task 2 Do it with AI — give it real context 

(Tool mode)

3 Build a rubric and/or cross-check 
process with a second tool

4 Ask AI for a post-mortem: what 
worked, what didn't, what to save



Questions?

What from today surprised you? What are you most skeptical about?


